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Enterprise AI systems primarily rely on retrieval-augmented generation (RAG) to access organizational documents, policies, and 

knowledge bases. While effective for retrieving explicit information, these systems rarely capture organizational experience, including 

past decisions, rejected alternatives, expert rationale, and lessons learned through daily operations. Consequently, enterprise AI often lacks 

the contextual knowledge that guides human decision making. We propose Organizational Memory-Augmented Enterprise AI (OMA-

EAI), a human-centered framework that complements traditional document retrieval with an evolving repository of organizational 

experience. By capturing decision rationale, expert feedback, incident retrospectives, and design trade-offs, the proposed framework 

enables AI systems to reason over institutional knowledge rather than documents alone. We present the conceptual architecture together 

with an illustrative proof-of-concept demonstrating how organizational memory can improve decision consistency, knowledge reuse, and 

organizational learning. This work positions organizational memory as a foundational component of next-generation enterprise AI.  

CCS CONCEPTS • Human-centered computing → Collaborative interaction; Computing methodologies → Artificial 

intelligence 

Additional Keywords and Phrases: Organizational Memory; Enterprise Artificial Intelligence; Human-AI Collaboration; 

Enterprise Knowledge Management; Decision Support. 

1 INTRODUCTION 

Retrieval-augmented generation grounds enterprise AI in documents, policies, and procedures, but important 

organizational knowledge—design trade-offs, incident resolutions, rejected approaches, and expert rationale—often 
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remains scattered or informal. As teams change, this experience becomes difficult to recover. OMA-EAI extends document 

retrieval by incorporating what an organization has learned into AI-assisted decision making. 

2 ORGANIZATIONAL MEMORY-AUGMENTED ENTERPRISE AI 

OMA-EAI adds an Organizational Memory Layer that captures decision rationale, architectural trade-offs, post-incident 

analyses, expert recommendations, and validated practices, linking them to projects and historical decisions. During 

decision support, AI retrieves relevant documents together with these memories, incorporating prior outcomes, lessons 

learned, and expert reasoning while preserving collective knowledge beyond individual employees. 

3 ILLUSTRATIVE PROOF-OF-CONCEPT 

Table 1 presents representative scenarios illustrating how organizational memory complements traditional document 

retrieval. 

Table 1: Illustrative examples of organizational memory supporting enterprise AI decision making 

Enterprise Scenario Organizational Memory Retrieved AI Decision Support 

Production incident Previous incident resolution and root cause 
Recommends proven remediation 

approach 

Software architecture 

review 

Historical design rationale and rejected 

alternatives 
Explains prior architectural decisions 

Regulatory compliance 
Previous audit findings and expert 

interpretations 

Provides context-aware compliance 

guidance 

This proof-of-concept illustrates how organizational memory enables enterprise AI to retrieve institutional experience 

alongside enterprise documentation. 

4 DISCUSSION, CONCLUSION, AND FUTURE WORK 

OMA-EAI extends enterprise decision support beyond document retrieval by preserving expert rationale, historical 

decisions, and lessons learned for reuse in AI reasoning. This early research vision targets improved decision consistency, 

knowledge retention, and human-AI complementarity. Future work will develop memory representations and retrieval 

strategies and evaluate their effects on decision quality, knowledge transfer, and organizational resilience. 
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